55 42 5 6 W) W ofF % W
2021 %6 H

Journal on Communications

E T IRMIL I ERMBEET IR A&

FAkrR 2, 2w 2 kgD, =g 12
LWL TR B2 B, WL BUN 3100235 2. WYL TR 22 [ /N VFFE R, L B 310023;
3. FERRAEAHIE TR B ARARUEAF T, Jbxt 100191)

OB Rk, WA ) SR I N A R R I T IS T o B AR S R ) d
KAV ) TR Ny — Ak ), 3 RRAR R B s A s s o S C IR R 28, {8 ] Shannon J#5%d 7 2% M J) 24T
FE, IR R AORA R AR et . B e, BSR4 R,
SIAE SR, BRI R R, HiM R B

FER: ARk, SRR, A RN A R

HRESHES: TPI8I, TP391

MCERFRIRAD: A

DOI:10.11959/j.issn.1000-436x.2021088

Key node identification algorithm for complex network
based on improved grey wolf optimization
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Abstract: In recent years, how to select the most influential key node for identification has become the most cutting-edge
hot direction in network science. Formulating the problem of maximizing the influence of complex network nodes as an
optimization problem whose cost function was expressed as the influence of nodes and the distance between them, meas-
ures user influence using Shannon entropy, and solved this problem using an improved gray wolf optimization algorithm.
Finally, numerical examples were performed with real complex network datasets. The experimental results show that the
proposed algorithm is more accurate and computationally efficient than the existing method.
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